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Abstract
Purpose – The purpose of this paper is to analyze how social networking services (SNSs) affect consumers’
behaviors on the omni-channel supply chain by using a reverse research method.
Design/methodology/approach – Initially, a questionnaire was administered to obtain data on the
relationship between the perception factors of channels and consumer behavior. Subsequently, a structural
equation model was constructed, and consumer behavior were determined in the omni-channel supply chain.
Finally, the importance of various factors that affected consumer behavior in the omni-channel supply chain
under SNSs was determined.
Findings – Conclusions affirm that a positive effect on consumer channel behaviors occurs when buyers
obtain information from social network platforms. However, regardless of online, offline, or mobile terminal,
shortcomings are indicated in consumers’ lack of feedback on purchased goods and the bias of feedback.
Originality/value – The study explored ways to efficiently apply SNSs in building the omni-channel
supply chain. Meanwhile, corresponding suggestions were provided such that companies will know about
consumer needs.
Keywords Internet, Consumer behaviour, Social network services, Omni-channel supply chain,
Reverse research
Paper type Research paper

1. Introduction
The popularization of mobile internet and electronic commerce have changed consumer
behavior. According to Internet Trends 2017 from the Mary Meeker in Code Conference, the
population of global internet users has reached 3.4bn, while internet penetration is
46 percent. Moreover, the time people spent on mobile devices per day has tripled over two
years. According to report of CNNIC in 2019, in China, the population of online shopping
users has reached 610m, with a 14.4 percent year-on-year growth. Meanwhile, 71 percent of
China’s B2C e-commerce gross merchandise value is made through mobile. The number of
monthly active users of Alibaba (online shopping software) has reached over 507m, and
users spend 24 min daily in browsing the site. Today, many companies provide the
omni-channel services to consumers. When consumers browse and buy the products on the
internet, they can choose to wait for the delivery of goods or go to the physical stores for self
pick-up. Also, from the perspective of enterprises, by integrating the entertainment features
and business features, social networking can help maximize the value of interpersonal
relationships. They are dedicated to encouraging consumers to share buying tips with
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others to promote adhesiveness of users. However, with the highly fragmented information
in social networking, the quality of information may be reduced, consumers may abandon
shopping carts without useful information.

Meanwhile, with the development of omni-channel supply chain, consumers have unique
consumption ideas and the consumption patterns have changed a lot. With the diversification
and individuation of needs, consumers look forward to having a good shopping experience
brought by the omni-channel supply chain. The omni-channel supply chain covers all links
from product promotion to sales and after-sales and combines various channels to fully meet
consumer needs about shopping and social activities.

Therefore, from the view of consumers, how social networking influences the omni-channel
supply chain is worth studying. This study analyzes consumer channel behavior under the
environment where an social networking services (SNSs) and an omni-channel are combined,
which can help companies construct the omni-channel supply chain and achieve precision
marketing to provide good services and shopping experiences for consumers and to garner
significant market shares. Accordingly, a win–win situation between consumers and companies
can be achieved.

2. Literature review
As e-commerce is growing rapidly, consumer behavior has formed a sharp contrast with
traditional retailing age. Therefore, many scholars are interested in exploring consumer
behavior under e-business environment.

The increasing popularity of mobile channels among consumers has considerable
potential to influence marketing. The adoption of a mobile channel has increased consumer
purchases (Huang et al., 2016). Wang et al. (2015) reported that order rates increase as
consumers adopt mobile shopping; thus, they proposed that consumers utilize mobile
devices given that the technology provides convenient access.

To significantly understand consumer channel choices, researchers should know their
motivation. Keen et al. (2004) corroborated that the consumers will primarily choose the
retail format and price in the decision-making process. Frasquet et al. (2015) affirmed that
the drivers of channel usage depend on the stage of the buying process and the product
category considered. Schröder and Zaharia (2008) identified five shopping motives, which
are “recreational orientation,” “convenience orientation,” “independence orientation,”
“delivery-related risk aversion” and “product- and payment-related risk aversions.” Park
and Lee (2017) validated that a communication strategy affects consumer online purchase
channel choice behaviors. Gao and Su (2017) verified that the “buy online and pick up in
store” affects consumer choices in two ways. First, consumers are provided real-time
information about inventory availability, and, second, the method reduces the hassle cost of
shopping. Polo and Sese (2016) revealed that channel choices for purchases are more inertial
and strongly affected by attitudes (i.e. relationship quality) than for communication.
Herhausen et al. (2015) elucidated that online–offline channel integration directly increases
the perceived service quality of internet stores. When online grocery shopping increases, the
importance of online assortment attractiveness and loyalty also increases in choosing an
online store (Melis et al., 2015). The proposed framework of Neslin et al. (2014) affirmed that
brand and channel choices are closely intertwined.

Consumer relationship management is significant in theory and is practical for
promoting supply chain management advancement. Thomas and Sullivan (2005) used
enterprise-level data to develop an initial marketing communication strategy for retailers.
Ansari et al. (2008) asserted that marketing efforts are associated with channel usage and
purchase incidence, which offsets negative web experience effects. Nakano and Kondo
(2018) provided consumer segmentation by using latent-class cluster analysis and focusing
on purchase channels and media touchpoint. Kim et al. (2017) proved that locational
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convenience and product type will moderate the relationship between consumers and
buying online and pick up in-store services. Nisar and Prabhakar (2017) affirmed a direct
relationship among e-service quality, e-satisfaction and e-loyalty in terms of online spending
by consumers. Atulkar and Kesari (2017) supported the relationship among hedonic
shopping values with consumer satisfaction, loyalty and repatronage intensions.
Fernández-Sabiote and Román (2016) proved that the consumer facilitation behaviors of
frontline employees (traditional channel) have a stronger effect on satisfaction than on
e-psychological benefits (derived from a company’s website).

Dennis et al. (2016) outlined that there are three typical channels for making purchases:
traditional or physical, web-based computer interaction and mobile devices. Jocevski et al. (2019)
agreed with the division of these three main channels and considered social media as a
touchpoint. Therefore, the integration of the three channels (physical, online and mobile) that
enables customers to shop in a seamless manner across them has been described as the
omni-channel retailing model (Brynjolfsson et al., 2013; Hagberg et al., 2016; Jocevski et al., 2019).
Beck and Rygl (2015) proposed the categories of multi-, cross, and omni-channel retailing and
retailer based on literature reviews. From the consumer’s viewpoint, with omni-channel retailing,
they can trigger full interaction of all channels, for example, they can return goods regardless of
where they bought it. However, with multi-channel retailing, consumers cannot redeem coupons
across channels. Meanwhile, Verhoef et al. (2015) claimed that the concepts tend toward seamless
omni-channel retailing, which refers to the integration of physical and online retailing. Moreover,
Hübner et al. (2016) considered that processes in multi-channel are not integrated from
consumer’s perspective, while there is no operation or logistics interface between the channels.
However, with information exchange, joint operations, logistics and inventories across channels,
neither the consumers nor the retailers will distinguish between channels anymore in
omni-channel. Compared with the multi-channel in which the marketers focus on managing and
optimizing the performance of each channel, Ailawadi and Farris (2017) proposed that the
inevitability of needing to employmultiple channels is accepted in omni-channel, while marketers
are dedicated to integrating activities within and across channels to meet consumers’ need.

Nowadays people rely more and more on the internet, which means that many
consumers do not have to get in touch with goods physically while selecting merchandises.
Also, consumers do not have to communicate face to face with staff in after-sales
department. Therefore, consumers not only pursue the diversification of products, but also
prefer the diversified ways of consumption. They look forward to the convenience of
integrated channels rather than being loyal to a company or a single channel, which leads to
pursuit of omni-channel. Thus, this paper will study how SNSs influence the consumer
behavior in the omni-channel supply chain.

3. Hypothesis of the omni-channel supply chain
Consumer behavior under the omni-channel supply chain mainly refers to consumers making
reasonable integration of information from complex channels and stores and commodity
information according to their demands before making decisions. In addition, consumers are
likely to share their evaluations about a product and enjoy after-sale services after consumption.

Figure 1 exhibits the generalized definition of the omni-channel supply chain.
Hawkins et al. (1998) proposed the decision process model of consumers. They believed

that consumers can develop self-concept and lifestyle under the external and internal
influences. Also, self-concept and lifestyle will lead to the consumers’ needs and desires,
which can only be fulfilled with consumption behaviors. Motivation, feelings, personalities
etc. are classified as the internal influences, while culture, evaluations and relationships etc.
are classified as the external influences. Moreover, there are five steps in the decision
process. They are identification of situational problems, collection of information, evaluation
and selection, distributor selection and purchase, post-purchase evaluation.
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Therefore, on the basis of the characteristics of SNSs and the current situation of social
networking users, this paper summarizes the three factors that influence consumer behavior
in the social networking environment. These factors are objective factors, channel perception
factors and consumer subjective factors. The objective factors mainly include the time, traffic
and weather factors influencing the shopping of consumers and marketing strategy of
companies and so on. As this paper studies consumer behavior in the omni-channel supply
chain under SNSs, the objective factors are not considered.

Based on the Theory of Reasoned Action, Davis (1986) proposed the Technology
Acceptance Model (TAM), which assumes that an individual’s acceptance of an information
system is determined by Perceived Usefulness (PU) and Perceived Ease of Use (PEOU)
collectively. PU refers to the prospective user’s subjective likelihood that the use of a certain
application will increase his or her performance (Pikkarainen et al., 2004). In the present study,
PU can be construed as the extent to which a consumer believes that using social networks
can help his or her channel decisions. Therefore, the following hypothesis is put forward:

H1. The subjective behavior pattern of using the social network has a significant
positive impact on consumer channel decisions.

H1 is intended to explore how consumers’ attitude toward social networks can help them
buy and whether this attitude has a significant impact on consumer channel decisions. This
hypothesis aims to study whether consumers are more likely to use social networks to get
the full treatment of shopping or enjoying value-added services through any channel they
prefer in the omni-channel supply chain if they subjectively believe that the opinions of their
relatives and friends, net friends, opinion leaders, and merchant advertisements on social
networks can help them in the pre-sale, sale and after-sale processes.

Based on Maslow’s hierarchy of needs, Alderfer (1969) expanded it to the existence,
relatedness and growth theory. Relatedness needs refer to people’s desire to maintain
interpersonal relationships (Yang et al., 2011). Moreover, Suntornpithug and Khamalah
(2010) proposed that person interactivity is positively associated with online purchase
intentions. In the present study, social demands can be construed as the process of seeking
and sharing buying tips. Associated with the process of actively seeking and sharing

Combination of 
Channels

• Direct Selling

• Direct Mails and
  Catalogues

• Telephone Orders

• Online Stores

• Mobile Phone Stores

Generalized Omni-Channel Supply Chain

• Service Outlets 

• Physical Stores

• Websites

• Call Centers

• Social Media

• Microblog and WeChat

Invisible Store

Physical Store

Information 
Media

Pre-Sale

Sale

After-Sale
Figure 1.
Generalized omni-
channel supply chain
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buying tips is selective exposure to relevant information, which in turn leads consumers to
prefer the omni-channel. Thus, the following hypothesis is put forward:

H2. The degree of subjective social demands has a significant positive impact on
consumer channel decisions.

H2 is intended to explore whether the subjective social demands of consumers while talking
about buying has a significant impact on consumer channel decisions. This hypothesis aims
to explore whether consumers are more likely to use social networks to get the full treatment
of shopping or enjoying value-added services through any channel they prefer in the
omni-channel supply chain if they are more likely to share buying tips with others and
believe others’ buying experience posted on the social networks.

Based on the TAM, in this study, PEOU refers to the likelihood that the use of social
network will make it easier for consumers to buy and enjoy the value-added service. Thus,
the third and fourth hypotheses are put forward:

H3. The consumer perceived convenience degree of direct shopping in the social network
has a significant positive impact on consumer channel decisions.

H3 is intended to explore the attitude of consumers about to what extent can the information
of social networks make their shopping behavior in sale process more convenient and
whether this attitude has a significant impact on consumer channel decisions. This
hypothesis aims to study whether consumers are more likely to use social networks to get
the full treatment of shopping or enjoying value-added services through any channel they
prefer in the omni-channel supply chain if they believe that the opinions of their relatives
and friends, net friends, opinion leaders, and merchant advertisements on social networks
can simplify their direct shopping processes:

H4. The consumer perceived convenience degree of value-added services in the social
network has a significant positive impact on consumer channel decisions.

H4 is intended to explore the attitude of consumers about to what extent can the information
of social networks help them enjoy the value-added services more convenient in pre-sale and
after-sale processes and whether this attitude has a significant impact on consumer channel
decisions. This hypothesis aims to study whether consumers are more likely to use social
networks to get the full treatment of shopping or enjoying value-added services through any
channel they prefer in the omni-channel supply chain if they believe that the opinions of their
relatives and friends, net friends, opinion leaders and merchant advertisements on social
networks can make the value-added services in pre-sale and after-sale processes convenient.

Bhattacherjee and Sanford (2006) found that the quality of information will have a
positive impact on potential users. That is, if the information is informative, helpful,
valuable and persuasive, it may improve users’ attitude. Therefore, the following
hypothesis is put forward:

H5. The consumer perceived quality degree of social network information has a
significant positive impact on consumer channel decisions.

H5 is intended to explore the attitude of consumers about the quality of social network
information and whether this attitude has a significant impact on consumer channel
decisions. This hypothesis aims to study whether consumers are more likely to use social
networks to get the full treatment of shopping or enjoying value-added services through any
channel they prefer in the omni-channel supply chain if they believe that the opinions of
their relatives and friends, net friends, opinion leaders and merchant advertisements on
social networks are of high quality in terms of authenticity and time validity, which can help
screen information before shopping.
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The theory of perceived risk has been used to explain consumers’ behavior. Forsythe and
Shi (2003) proposed that perceived risk in internet shopping will influence online shopping
among online shoppers to some extent. Therefore, the following hypothesis is put forward:

H6. The consumer perceived risk of the social network has a significant positive impact
on consumer channel decisions.

H6 is intended to explore the attitude of consumers about the risk of using social network
information and whether this attitude has a significant impact on consumer channel
decisions. This hypothesis aims to study to what extent perceived risk would influence
consumers’ use of social networks to get the full treatment of shopping or enjoying
value-added services through any channel they prefer in the omni-channel supply chain.

Personalization has been found to influence directly online shopping behavior (Pappas et al.,
2014). With the development of cloud technology and big data, users’ behaviors are recorded
while they are using social network. Therefore, consumers will receive targeted and customized
information that may help them enjoy personalized shopping experience as it can help reduce the
search time effectively increasing the effectiveness of information at the same time. Moreover,
drawing from complexity theory, Pappas et al. (2016) proposed that the quality of personalization
leads to high purchase intentions. Thus, the following hypothesis is put forward:

H7. The consumer perceived personalization of omni-channel shopping assisted by the
social network has a significant positive impact on consumer channel decisions.

H7 is intended to explore the attitude of consumers about to what extent can the information
of social networks help them realize personalization in pre-sale, sale and after-sale processes
and whether this attitude has a significant impact on consumer channel decisions. This
hypothesis aims to study whether consumers are more likely to use social networks to get
the full treatment of shopping or enjoying value-added services through any channel they
prefer in the omni-channel supply chain if they believe that the opinions of their relatives
and friends, net friends, opinion leaders and merchant advertisements on social networks
can help them realize personalized shopping in pre-sale, sale and after-sale processes.

On the basis of the above analysis and corresponding assumptions, the theoretical
framework of the current study is shown in Figure 2.

4. Research methods
4.1 Design of Questionnaire
The questionnaire method was adopted to validate the previously proposed theoretical model
in this study. According to the consumers’ channel decision factors in the social network
environment, the questionnaire was divided into three parts. The first part mainly introduced
the definition of the omni-channel supply chain, which helped enhance the necessary
professional vocabulary background of the participants. The second part included basic
personal information, including gender and age. The third part was the most important part
given that all the variables in the model, H1 to H7, would be investigated. Nunnally and
Bernstein (1978) asserted that, to ensure the validity of the conclusion, the number of the test
questions of each variable in the questionnaire should be more than three. Churchill (1979)
corroborated that the implementation of high reliability requires a consistent selection of
several questions. Therefore, the number of questions assigned to each variable was more
than three. The questionnaire was measured by the Likert scale, from “strongly agree” to
“strongly disagree,” and the corresponding evaluation score was from 1 to 5.

4.2 Data analysis and hypothesis testing
The main means of issuing the questionnaire were the social software, Wen Juan Xing
(a tool for online questionnaires), and paper questionnaires in public. A total of 226 copies of

1790

IMDS
119,8



the questionnaires were collected, 195 of which were valid questionnaires with an effective
rate of 86.3 percent. In this survey, 45.13 percent of the participants were men and
54.87 percent were women. The participants whose ages were below 20 years accounted for
14.7 percent, 21 to 30 years old accounted for 39.1 percent, 31 to 40 years old people
accounted for 27.1 percent, and 41 years old or above are accounted for 20 percent. The age
of most participants, 21 to 40 years old, was consistent with the age ratio of the China
Electronic Commerce Research Center on the internet and mobile internet users’ analysis
reports. These figures affirm that young people are the main groups who are likely to use
cross-channels. They are full of curiosity and exploration for new things; thus, they can
switch or integrate channels fast. Moreover, these users are likely to utilize SNSs for sharing.

4.2.1 Reliability test and factor analysis. This study used SPSS 19.0 to test the reliability
of the 40 scales. Table I exhibits the results. The table shows that Cronbach’s α values of
seven variables (H1 to H7) are all greater than or equal to 0.7, which are within the
acceptable limits. Therefore, the subjects of the questionnaire are of high reliability.

We then used KMO and Bartlett’s test for the factor analysis on 40 scales and tested the
construct validity of this questionnaire. The closer the value of KMO is to 1, the stronger the
correlation between the variables, which makes factor analysis highly suitable to be adopted.
Using SPSS 19.0, we confirmed that the KMO value of the questionnaire was 0.713 and that
the correlation between variables was strong; the p-value of Bartlett’s test was 0.000, which
rejected the null hypothesis. This result validates the reasonableness of the factor analysis of
the scale. The result of factor analysis, as shown in Table I, proves that the characteristic root
values of the extracted principal factors are greater than 1 and that the cumulative
contribution of variance accounted to 70.08 percent, which has a relatively high degree of
importance. Hence, the scale has good construct validity.

4.2.2 Hypothesis test. After the reliability and validity were examined, the regression
analysis was used to test the hypothesis. In our regression equation model, consumer
channel decision was a dependent variable. The seven independent variables were
consumer subjective behavior with the use of a SNS, consumer subjective social demand
degree, consumer perceived convenience degree of direct shopping in the social network,

Subjective 
behavior pattern 

of using the social 
network

Degree of 
subjective social 

demands

Consumer 
perceived 

convenience 
degree of direct 
shopping in the 
social network

Consumer 
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degree of value-

added services in 
the social network

Consumer 
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The theoretical

framework
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consumer perceived convenience degree of value-added services in the social network,
consumer perceived quality degree of social network information, consumer perceived
risk of SNSs, and consumer perceived personalization of omni-channel shopping assisted
by SNSs. Table II shows the result of hypothesis testing, which shows that the significant
levels of H1, H3, H4, H5, H6 and H7 are all less than 0.01; thus, the null hypothesis
is accepted. The significant level of H2 was greater than 0.01; thus, the null hypothesis
was rejected.

Variables
Test
items

Factor
loading

Cronbach’s α value
after deleting this test

item

Cronbach’s α
value of the
variable

Subjective behavior pattern of using social
network

A1 0.752 0.924 0.947

A2 0.643 0.955
A3 0.719 0.934
A4 0.752 0.924
A5 0.719 0.934

Degree of subjective social demand B1 0.799 0.874 0.702
B2 0.921 0.582
B3 0.917 0.573
B4 0.976 0.427

Consumer perceived convenience degree of direct
shopping in the social networking service

C1 0.788 0.924 0.936

C2 0.593 0.931
C3 0.698 0.924
C4 0.698 0.931
C5 0.827 0.916
C6 0.760 0.916

Consumer perceived convenience degree of value-
added services in the social networking service

D1 0.620 0.936 0.934

D2 0.809 0.900
D3 0.910 0.900
D4 0.724 0.949
D5 0.792 0.900

Consumer perceived quality degree of social
network information

E1 0.846 0.853 0.894

E2 0.990 0.852
E3 0.633 0.861
E4 0.598 0.860
E5 0.730 0.942
E6 0.799 0.852

Consumer perceived risk of social networking
service

F1 0.711 0.943 0.960

F2 0.709 0.943
F3 0.693 0.979
F4 0.639 0.957
F5 0.590 0.943
F6 0.822 0.943

Consumer perceived personalization of omni-
channel shopping assisted by social networking
service

G1 0.680 0.889 0.885

G2 0.907 0.831
G3 0.828 0.831
G4 0.686 0.855
G5 0.600 0.885

Table I.
Reliability test and
factor analysis
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Given the abovementioned result, we can see that the consumer subjective social demand
degree does not have a significant impact on most consumers. Moreover, given personal
preferences, the commodity reviews made by different buyers may have considerable
volatility. The differences in the buyers’ reviews make the data difficult to use for reference.
In recent years, “Network Navy” has made malicious comments or false praises
professionally, thereby making consumers skeptical about other comments. Therefore,
rejecting H2 is practical and reasonable.

4.3 Analysis of consumer channel perception factors based on structural equation modeling
in the social network environment
People may construct many abstract concepts for better understanding of some subjects
and some variables of which cannot be measured directly. Therefore, these latent variables
are usually expressed with the help of observed variables. Structural equation models are
often used to assess latent constructs.

Structural equation modeling (SEM), also called causal modeling (Bharati and
Chaudhury, 2004) or covariance structure analysis (Fassinger, 1987) as it provides
parameter estimates of the direct and indirect links between observed variables, is a
statistical method of multivariate analysis by hypothesis testing, which is mainly used to
solve multivariable problems in the research of social science and to deal with the
exploration and analysis of complex multivariable research data. By combining multiple
regressions with confirmatory factor analysis, SEM can estimate and verify abstract
concepts. In addition, SEM can simultaneously estimate a series of latent variables, complex
independent variables and dependent variable prediction models (Wiers-Jenssen et al., 2002).

In order for the companies to know how to utilize the social networking to gain
consumers’ needs, the SEM approach is employed to develop a model that represents the
relationships among the consumer channel perception factors in this study.

4.3.1 Construction of structural equation modeling. For the simplification and clarification
of the relationship structure among the dominant factors of the consumer perceptions of
shopping channels, exploratory factor analysis (EFA) was carried out on 28 variables related
to channel perceptions in the abovementioned questionnaire. EFA is a technology that helps

Hypothetical relationship
Standardized
coefficients T Sig.

H1 The subjective behavior pattern of using the social network has a
significant positive impact on consumer channel decisions

0.358 4.955 0.000

H2 The degree of subjective social demand has a significant positive impact
on consumer channel decisions

t¼ 1.818, the null hypothesis
is refused

H3 The consumer perceived convenience degree of direct shopping in the
social network has a significant positive impact on consumer channel
decisions

0.352 4.449 0.000

H4 The consumer perceived convenience degree of value-added services in
the social network has a significant positive impact on consumer channel
decisions

0.348 4.931 0.000

H5 The consumer perceived quality degree of social network information
has a significant positive impact on consumer channel decisions

0.333 3.656 0.002

H6 The consumer perceived risk of the social network has a significant
positive impact on consumer channel decisions

0.373 6.487 0.000

H7 The consumer perceived personalization of omni-channel shopping
assisted by the social network has a significant positive impact on
consumer channel decisions

0.319 3.311 0.002
Table II.

The results of
hypothesis test
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in determining the essential structure of multivariate observation variables and process
dimension reductions, which can integrate complex variables into a few core factors. As its
name implies, EFA is an exploratory method used to generate theory; researchers use EFA to
search for the smaller set of k latent factors to represent the larger set of j variables
(Henson and Roberts, 2006). Specifically, EFA decomposes the covariance or correlation
matrix of the centered values of a sample of multivariate observations by relating these values
to a smaller number of latent factors that are interpreted on the basis of their relationships
(represent as loadings) with the observed variables (O’Malley and Neelon, 2014). EFA
procedures are much more accurate when each factor is represented by multiple measured
variables in the analysis. Therefore, to figure out how many meaningful dimensions are
present and the structure of these dimensions, EFA is adopted in this paper. Table III shows
the specific meanings of these 28 variables.

Factor analysis of the variables in Table III shows that the total 5 roots with characteristic
roots greater than or equal to 1 are as follows: λ1¼ 2.9812, λ2¼ 2.3247, λ3¼ 1.8346,
λ4¼ 1.4585, and λ5¼ 1.0726. From these values, the five common factors, X1, X2, X3, X4
and X5, are extracted, and Table IV shows their corresponding factor loading.

Table IV shows that the factor loading of every common factor on the 28 variables can
define the practical meaning of the common factor. The factor loading size is basically
consistent with the item variables set up by the questionnaire. To make structural equation
construction clear, we constructed and analyzed the structural equation by retaining the
three most representative and influential variables of each factor. Table V shows the
selected factors.

On the basis of the five common factors extracted above, we constructed a model of the
relationship among the dominant factors of the consumer perceptions of shopping channels
in the SNSs environment. Technically, by verifying the covariance among the observed
variables, the system value of the basic linear regression model can be estimated. Therefore,
the model can be tested statistically, that is, if the hypothetical model is appropriate for the
process of the research. If the model is confirmed to be appropriate, then the relationship
among the presumed potential variables in this study is reasonable. Precisely, the model is
based on statistical consistency.

Within the context of structural modeling, exogenous variables represent those
constructs that exert an influence on other constructs under study and are not influenced by
other factors in the quantitative model. Those constructs identified as endogenous are

Variable Meaning Variable Meaning

C1 Easy to search for products E4 Recommended products are favorable
C2 Convenient to access websites E5 Recommended information is satisfied
C3 Receive information on time E6 Recommended information is accurate
C4 Others’ reviews help F1 Security of privacy
C5 Effective communication with sellers F2 Security of payment method
C6 Save time and energy F3 Credit of sellers
D1 Share shopping experience F4 Sellers with high credibility are preferred
D2 Look for the suitable seller F5 Reliable quality
D3 Recommendations combined with location

and interest
F6 After-sales service is guaranteed

D4 Multi-channel choice G1 Personalization of advertisements
D5 Trusted logistics system G2 Advertisements are required
E1 Recommended sellers are qualified G3 Fun
E2 Recommended sellers are favorable G4 Novelty and satisfaction
E3 Recommended products are qualified G5 Personalization of products

Table III.
Variables and their
meanings
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affected by exogenous and other endogenous variables in the model (Schreiber et al., 2006).
Considering the structural relationships among latent variables, path diagram is used to
construct the structural equation model in Figure 3, in which A represents convenient direct
shopping and B represents convenient value-added services. The latent variable model can
be distinguished in Figure 3. In this model, perceived personalization and perceived risk are
constructed as exogenous variables while the perceived quality of information, convenience
degree of direct shopping and convenience degree of value-add services are constructed as
endogenous variables.

4.3.2 Data test and result evaluation. Table VI exhibits that the evaluation table of the
model fitting index is obtained by using AMOS 7.0. With the comparison of the standard
with the value of this model, the structural equation model is acceptable and effective.

Figure 4 shows the result path diagram of the model, in which A represents convenient
direct shopping and B represents convenient value-added services.

Variables X1 X2 X3 X4 X5

C1 0.25396 0.78834 0.23460 0.31953 −0.10933
C2 −0.08765 0.59329 0.19650 0.40399 −0.20294
C3 0.12876 0.69810 −0.23858 0.19580 −0.00982
C4 0.34752 0.69827 −0.01239 0.21095 −0.09823
C5 0.05470 0.82749 −0.18600 −0.10941 −0.20330
C6 0.02879 0.75982 0.39848 0.00876 −0.21094
D1 −0.10876 0.34593 0.41098 0.61987 0.20985
D2 −0.01907 0.41210 0.00981 0.80933 0.42109
D3 −0.12685 0.10958 0.10298 0.91030 0.20399
D4 −0.00824 0.23299 0.20486 0.72440 0.09833
D5 0.18926 0.30583 −0.29439 0.79182 0.10921
E1 0.21682 0.13210 0.84599 0.21030 −0.01985
E2 −0.08469 0.03299 0.99020 0.30958 0.20294
E3 −0.32090 0.29835 0.63299 −0.01092 0.10913
E4 0.00385 −0.20329 0.59810 0.09218 0.01092
E5 0.21873 −0.00330 0.72987 0.20598 0.20921
E6 −0.08723 −0.19837 0.79922 0.41298 0.30918
F1 0.13985 0.29386 −0.00330 0.20928 0.71084
F2 0.31346 −0.09582 −0.05760 0.19358 0.70922
F3 0.29836 −0.10944 −0.09871 0.40912 0.69287
F4 0.04399 0.10925 −0.10395 0.11098 0.63876
F5 0.00298 0.03210 0.29834 0.09013 0.58983
F6 0.08330 −0.03206 0.19834 −0.20984 0.82198
G1 0.67983 0.04576 0.19286 −0.20918 −0.11093
G2 0.90729 0.14576 −0.09218 −0.00913 0.00103
G3 0.82764 0.18700 −0.12984 −0.29208 0.01204
G4 0.68628 −0.08679 −0.21098 −0.10193 −0.00103
G5 0.59988 −0.24939 −0.09863 0.13245 −0.00921

Table IV.
The factor loading of
a common factor on A

variable

Common factors Dominant variables Meaning

X1 G2, G3, G4 Perception of personalization
X2 C1, C5, C6 Perception of the convenience of direct shopping
X3 E1, E2, E6 Perception of information quality
X4 D2, D3, D5 Perception of the convenience of value-added services
X5 F1, F2, F6 Perception on risk

Table V.
The meaning of five

common factors
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Figure 3.
The path diagram of
structural equation
mode

Index Standard Value of this model Evaluation

RMSEA o0.05 0.032 Good
AGFI W0.9 0.916 Good
NFI W0.9 0.896 Ordinary
CFI W0.9 0.934 Good

Table VI.
Model fitting index
evaluation

Figure 4.
The result of path
diagram of structural
equation model
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Figure 4 shows a mutual dominant relationship among the channel perception factors.
Perceived personalization, risk, convenience degree of direct shopping and value-added
services have a positive influence on the perceived quality of information. Furthermore,
perceived personalization affects the perceived convenience degree of direct shopping, and
perceived risks affect the perceived convenience degree of value-added services to a certain
extent. Given the consumption concept of pursuing personality, the consumers’ evaluation of
the convenience of shopping channels will be influenced by the personality of the goods.
Moreover, online shopping and mobile shopping are common channels. Hence, the quality of
value-added services, such as logistics distribution, mobile payment, remote after-sale service,
and the quality of non-direct consumption service, is gradually valued by consumers. The
risks hidden in these links and the trustworthiness of the channels have become important
factors in consumer decisions. The quality of information is the factor that directly influences
channel choices. All these factors reflect that social networking has become an important
auxiliary force in the development of the omni-channel supply chain and is closely related to
its divided, personalized and socialized shopping information sharing.

In summary, the factor loadings of customer channel perception factors studied before
are shown in Table VII. Table VII shows that the loading of the perceived dimensions of
each channel is positive. Hence, each dimension has positive effects on the channel choices
and behaviors of the consumers.

5. Discussion and conclusions
5.1 Summary of key findings
This study investigated the relationship between social networking and consumer behavior in
the omni-channel supply chain based on the consumer subjective factors and channel perception
factors. The purpose of this study is to measure the social networking influence on consumer
behavior and assess its influence on consumers’ channel decisions and purchasing decisions.

First, the results indicate that in the omni-channel supply chain consumers’ subjective
social demand has no significant influence on their choices and behaviors because the
reviews of individual buyers may be influenced by personal preferences, and therefore, the
reviews from different evaluating criteria have mixed quality. Moreover, current feedback
evaluation systems lack enough incentives for high-quality information, which makes
consumers unable to arouse enough enthusiasm to make detailed, accurate, and real
evaluations of purchased goods or put forward valuable suggestions. Thus, although most
of the respondents do believe that it is helpful to refer to others’ comments in SNSs, they
generally do not have considerable expectations of comments and do not consider their
shared experiences can help others.

Customer channel perception factor
Factor
loading Customer channel perception factor

Factor
loading

Easy to search for products 0.78834 Effective communication with sellers 0.82749
Save time and energy 0.75982 Look for the suitable seller 0.80933
Recommendations combined with location
and interest

0.91030 Trusted logistics system 0.79182

Recommended sellers are qualified 0.84599 Recommended sellers are favorable 0.99020
Recommended information is accurate 0.79922 Security of privacy 0.71084
Security of payment method 0.70922 After-sales service is guaranteed 0.82198
Advertisements are required 0.90729 Fun 0.82764
Novelty and satisfaction 0.68628

Table VII.
Factor loading of
customer channel
perception factor
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Second, the study has found that in the omni-channel supply chain, consumers’ subjective
behavior pattern, perceived convenience degree of direct shopping, perceived convenience
degree of value-added services, perceived quality degree of social network information,
perceived risk and perceived personalization can significantly influence consumer behavior.
Consumers subjectively believe that SNSs help them make purchasing decisions and
channel decisions. Also, consumers can get their interested information and find the suitable
channel to buy with the help of combination of SNSs and omni-channel supply chain, which
makes them live a more convenient life. Specifically, most of the respondents consider that
SNSs help reduce their shopping risks.

Finally, the group-buying, voting activities, and other novel forms of advertisements
held by sellers have a significant positive impact on consumer channel behaviors. Social
networking in the omni-channel supply chain has huge potential for usage. More than half
of the respondents believe and expect that more forms of innovative brand publicity will be
created on the social networking platform.

5.2 Theoretical implications
From a theoretical standpoint, this paper presents contribution to the existing literature in a
number of ways. First, this paper extends previous research on SNSs and consumer
behavior in the omni-channel supply chain and helps to explain which factors consumers
emphasize on while using SNSs to make purchasing decisions. Moreover, perceived risk was
found to be reduced so that consumers feel more at ease with the assistance of SNSs.
Consumers can know more about risks that probably occur when making purchasing
decisions with SNSs. This is a new viewpoint as present studies about online consumer
behavior only discuss perceived risk may deter online shopping among online shoppers to
some extent (Forsythe and Shi, 2003; Chiu et al., 2014). However, few studies have compared
the degree of perceived risk of consumers while using SNSs to make purchasing decisions
and buy from the physical stores directly.

Moreover, this paper not only emphasizes the consumer behavior while using the internet,
but also discusses how consumers utilize the SNSs to join in the omni-channel supply chain.

5.3 Managerial implications
The findings of this research may be employed by the omni-channel retailers to improve
their services in order to increase the likelihood that such services will lead to eventual sales.

This study identifies the critical role of perceived convenience degree of direct
shopping and value-added services over channel perception factors in the social network.
Therefore, retailers should offer friendly and efficient services to consumers especially in a
social networking environment. For example, in order to enhance convenience degree,
retailers should provide accurate keywords of their products so that consumers can find
their information easily. On the contrary, convenience degree could be enhanced by
pushing special offers to consumers who are interested in the products. Furthermore,
retailers may provide the real-time interaction tools to consumers for saving consumers’
time. Last but not least, retailers can recommend the appropriate shopping ways based on
consumers’ locations and their habitual practice. For instance, consumers can choose to
buy from the online stores or close physical stores recommended by the system with the
homogeneous services.

The results of this study also show that the quality of information has a positive impact
on consumer behavior. Consumers would perceive a higher level of value if the contents of
information are effective. Therefore, the omni-channel retailers are suggested to promote the
quality of information. For example, retailers can encourage their customers to share
opinions with potential clients in social network by offering bonus to people who share
high-quality information.
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Moreover, in order to reduce risks, marketers and retailers may improve their credibility
by providing real commodities descriptions and perfect after-sales service. Also, our results
reveal that personalized services can improve customer satisfaction. Customers expect to
receive recommendations tailored to their personal interests and needs with the assistance
of SNSs. Thus, this study suggests that the marketers and retailers should develop effective
and efficient personalization strategies to achieve personalization of customer experience.
For example, retailers may push the goods that customers may be interested in according to
their browsing and purchase history to expand sales. Meanwhile, relative services or
activities can be organized to meet consumers’ demand based on their interests.

Hence, this paper provides a framework to businesses to develop various strategies for
attracting customers and helping them get involved in the omni-channel supply chain with SNSs.
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