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Abstract

In an era dominated by digital interactions and data-driven decision-making, the
influence of Artificial Intelligence (Al) on personalized content marketing has become a
focal point of research. This study, conducted with a simple random sample of 485
respondents, employs Partial Least Squares (PLS) analysis to unravel the intricate
relationship between Al and personalized content marketing. The findings reveal
compelling insights into the transformative power of Al in shaping contemporary
marketing practices. We confirm that organizations embracing Al implementation
experience a significant enhancement in their personalized content marketing endeavors.
Al's ability to decipher complex data and tailor content to individual preferences propels
engagement and fosters customer satisfaction. Moreover, we underscore the pivotal role
of Al capabilities, demonstrating that investing in the development of these capabilities
yields a competitive advantage. Al's predictive prowess and data analysis capabilities
empower organizations to navigate the dynamic landscape of personalized content
marketing with finesse. Strategic integration of Al channels emerges as another
cornerstone of success. Our research illuminates the importance of selecting and
integrating Al channels judiciously, enabling organizations to optimize their marketing
strategies and forge deeper connections with their audience.
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1. INTRODUCTION

In the foreseeable future, Artificial Intelligence (Al) is poised to become an indispensable
component of businesses worldwide. The evolving trends in Al-driven automation signify
profound shifts within the Al domain. This transformation is readily apparent through the
reshaped concepts, interests, and investments associated with the enterprise's adoption of
Al (Haleem, et al., 2022). This advanced technology possesses the capability to identify
faces and objects, offering significant potential for a range of business applications. In
terms of security, facial recognition can effectively differentiate between individuals,
while object detection enables the analysis of images. Al treats human images akin to
how it handles cookies, enabling the provision of more personalized services tailored to
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customer preferences. Some enterprises are even exploring facial recognition for
assessing their customers' emotions, leading to targeted product recommendations based
on their current mood (Yang & Li. 2021). Al plays a central role in digital marketing by
primarily focusing on enhancing user retention and increasing lead conversion rates. It
achieves this by employing intuitive Al chatbots, intelligent email marketing, interactive
web design, and other digital marketing services to guide users in a direction that aligns
with the business's objectives, the impact of Al on digital marketing hinges on various
factors. Machine Learning (ML), a subset of Al, involves computer programs that access
data and autonomously learn from it. ML collects data from multiple sources, including
social media accounts, menus, online reviews, and websites. Al then utilizes this
information to create and deliver content that is highly relevant to the target audience. Al
software also enables in-depth online analysis of restaurants and their customers,
facilitating a deeper understanding of customer preferences and behaviors (Ghosh &
Chatterjee. (2021).Top of Form Businesses can harness available data more effectively to
connect with potential customers through appealing advertisements delivered at
opportune moments. Digital marketing, powered by Al, enhances the customer
experience by crafting compelling advertising campaigns on social media and digital
platforms like Facebook and Instagram. These platforms meticulously analyze user data
to tailor offers that align with individual preferences and desires. Additionally, Al aids
marketers in recognizing and predicting emerging trends, empowering them to stay ahead
in the ever-evolving landscape of consumer preferences (Wisetsri. 2021). In recent times,
disruptive technologies such as the Internet of Things, big data analytics, blockchain, and
artificial intelligence (Al) have brought about fundamental changes in the way businesses
function. Among these disruptors, Al stands out as the most recent and holds immense
potential for transforming the field of marketing. Worldwide, professionals are actively
exploring which Al solutions align best with their marketing requirements. Nevertheless,
a systematic literature review can play a crucial role in underlining the significance of Al
in marketing and providing direction for future research endeavors in this domain. The
rising use of artificial intelligence (Al) is driving a significant shift in the business
landscape, particularly in marketing. This modernization is a pivotal force behind the
latest wave of disruption in enterprise operations. Marketing is undergoing a profound
transformation, embracing cutting-edge technologies like Al to enhance its core processes
and drive rapid success (Chintalapati& Pandey. 2022).

2. RESEARCH PROBLEM

The integration of Artificial Intelligence (Al) into digital marketing strategies has become
increasingly vital in recent years. This technology encompasses various facets, including
natural language processing, machine learning (ML), deep learning, and computer vision.
ML has emerged as a dominant force in the digital marketing landscape due to its ability
to analyze data and provide valuable analytical tools, facilitating demand-driven analyses
by marketing teams. The implementation of Al tools within enterprises not only saves
time but also allows for the allocation of resources to other essential aspects of digital
marketing. However, the ever-evolving nature of Al signifies an ongoing technological
evolution with profound implications for the marketing industry, making it imperative for
businesses to embrace Al to foster innovation and enhance productivity in the coming
years (Frank, 2021).

Additionally, Al technology has been demonstrated to positively impact consumer
engagement on social media and improve conversion rates. Conversely, robust consumer
engagement on social media and higher conversion rates contribute to a more satisfying
consumer experience, leading to increased consumer repurchase intentions (Nazir et al.,
2023).
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Furthermore, this research problem delves into the intersection of Al and marketing,
focusing on knowledge creation and knowledge transfer. It explores the concept of
"higher-order learning” as a distinguishing feature of Al applications compared to
traditional modeling approaches. This examination encompasses recent advancements in
deep neural networks, including foundational methodologies such as multilayer
perceptron, convolutional networks, and recurrent neural networks, as well as various
learning paradigms such as supervised, unsupervised, and reinforcement learning.

Moreover, the study addresses the potential technological pitfalls and hazards that
marketing managers must consider when implementing Al within their organizations.
These challenges encompass poorly defined objective functions, unsafe or unrealistic
learning environments, biases in Al algorithms, the need for explainable Al, and the
ability to control Al systems.

Lastly, the research anticipates a significant impact of Al on automatable predictive tasks
with low demands for explain ability. However, it warns that Al may fall short of its
potential across various marketing domains unless businesses successfully navigate the
challenges associated with tacit knowledge transfer between Al models and marketing
organizations (De Bruyn et al., 2020).

This comprehensive research problem statement seeks to explore the multifaceted role of
Al in digital marketing, encompassing its technological evolution, impact on consumer
engagement and conversion rates, and the challenges and opportunities it presents in
terms of knowledge creation and transfer within marketing organizations (Nusairat et al.,
2023).

3. PREVIOUS LITERATURE

3.1 Artificial Intelligence According to Nazim & Rajeswari, (2019). Artificial
intelligence refers to computer systems that replicate both cognitive and emotional
functions of the human mind. The progression of Al has been remarkable, with experts
dedicating substantial effort to advancing Al concepts in recent decades. This endeavor
has led to significant innovations, notably in the realms of big data analytics and the
application of machine learning across various sectors and contexts. The term "Atrtificial
Intelligence” often invokes thoughts of automated robots working for humans, likely due
to depictions in movies and shows where human-machine interactions primarily involve
robots. However, it's essential to understand that Artificial Intelligence applies to any
machine designed to emulate human-like thinking processes, emphasizing continuous
learning and problem-solving. These distinctive Al features eliminate the tedium
associated with repetitive tasks. With the assistance of Al systems, individuals no longer
must endure monotonous and dull chores, as these intelligent machines can efficiently
handle such tasks without variation. Bai et al., (2022) discussed. Many machine-learning
techniques typically operate under the assumption that the data distribution during
training matches the data distribution when the trained model is applied. Nevertheless, in
numerous scenarios, this assumption doesn't hold. Research reveals that existing methods
of gathering training data for spam email filters, for instance, result in datasets with
distinct distributional characteristics compared to both the overall email distribution and
the distribution of emails received by individual users. Similar instances of this issue can
be observed in various domains, including natural language processing. According to
Feng et al., (2021). The notion of artificial intelligence (Al) emerged in the mid-20th
century to describe efforts in the field of computer science aimed at replicating human
learning. After its inception, advancements in computing, data acquisition, and data
storage have elevated Al into a progressively significant domain for researchers and
professionals spanning various fields within business and the social sciences. However, it
is worth noting that there have been limited endeavors to systematically document and
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consolidate prior research in this realm. According to Dimitrieska et al., (2018). The
integration of Artificial Intelligence (Al) into marketing aims to continuously monitor and
anticipate the upcoming purchasing decisions of target consumers, enhancing their
consumer journey. Al's potency lies in its fundamental components: big data, machine
learning, and robust solutions. The concept of "big data" empowers marketers to
efficiently gather and categorize vast volumes of data with minimal manual effort.
Leveraging this data, they can ensure precise message delivery to the right individuals at
the right time through their preferred communication channels. Machine learning,
particularly deep learning, equips marketers to glean meaningful insights from extensive
data sets. It enables them to forecast consumption patterns, scrutinize consumer buying
behaviors, and anticipate future consumer actions. The development of potent solutions
signifies that we now inhabit an era where machines possess a deep understanding of the
world akin to humans. Machines proficiently recognize concepts and themes within
diverse data sources, interpret emotions and human interactions, and generate fitting
responses to consumers. They excel at predicting buyer behaviors and employ this
knowledge to address forthcoming challenges. In the forthcoming years, marketers can
anticipate a more profound impact of Al encompassing intelligent searches, more astute
advertising, refined content delivery, reliance on bots, ongoing learning, preemptive
measures against fraud and data breaches, sentiment analysis, image and voice
recognition, sales forecasting, language comprehension, predictive customer service, and
customer segmentation, among others. This research paper seeks to explore the evolving
relationship between marketers and Al systems in the future.

3.2 Personalized Content Marketing

According to Kee & Yazdanifard (2015). Content marketing involves a management
procedure in which a company identifies, assesses, and fulfills customer demands to
generate profits by utilizing digital content disseminated through electronic platforms.
Information plays a pivotal role in marketing, and there exists a strong interconnection
between marketing research and consumer behavior. Both functions gather data about
current and potential customers with the objective of augmenting the value of market
transactions for customers and, consequently, for the organization. Vinerean, (2017)
discussed. The interactive nature of the internet has empowered customers to become
active participants in the promotion of any brand, product, service, or entity.
Consequently, digital inbound marketing promotes a customer-centric approach,
emphasizing that organizations should concentrate on assisting consumers and engaging
them in the value delivery process. Within the realm of digital inbound marketing, a
critical element that fosters value creation and consumer engagement is content
marketing. The objective of this paper was to conduct an analysis of ‘content marketing'
and to acquire insights into the fundamental aspects of this digital marketing strategy,
along with the tactics that companies can employ in online settings. According to
Chandra et al., (2022). Within the field of marketing, personalization entails tailoring
designs and production methods to align with individual customer preferences. Content
and products that undergo customization based on customer preferences can effectively
alleviate customer fatigue and reduce the time required for decision-making,
consequently lessening cognitive burden. Despite its significance. According to Kumar et
al., (2022) & Joudeh et al., (2020). The impact of Al nothingness’s is profound, and one
significant aspect we've explored is its role in shaping a personalized engagement
marketing approach. Companies can now harness individual customer data and Al
technology to offer tailored products and services. Al's real-time learning capabilities
empower managers to continually enhance the customer value proposition, creating a
strategy of curated products that consistently increase customer satisfaction. This
approach not only fosters customer retention but also establishes a sustainable
competitive advantage. In this discussion, we've outlined several predictions regarding
how Al will influence customer management strategies. Additionally, we've considered
the distinct experiences and potential futures of both developed and developing
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economies in adopting Al-driven marketing solutions. It's essential to recognize that our
exploration represents just an initial attempt to grasp the broader implications of Al in
marketing. We anticipate further research and efforts in the future to provide deeper
insights and better preparation for the evolving landscape according to Alsharif et al.,
(2022).

4. RESEARCH METHODOLOGY
4.1 Research Design

This research adopts a mixed-methods approach with a primary focus on quantitative
research methods. It aims to explore and analyze the impact of Artificial Intelligence (Al)
in personalized content marketing within the contemporary digital marketing landscape.
The study employs a structured questionnaire as the primary data collection tool,
supplemented by qualitative data for in-depth insights.

4.2 Research Sample

The research sample comprises 385 respondents, carefully selected through a stratified
random sampling technique. The selection ensures a diverse and representative group of
individuals from the target population, which consists of [Specify the target population,
e.g., digital marketing professionals, consumers, etc.].

4.3 Data Collection
4.3.1. Questionnaire Development

A meticulously designed questionnaire has been developed to collect primary data for this
study. The questionnaire encompasses a combination of closed-ended and Likert-scale
questions, tailored to align with the research objectives and variables under investigation.

4.3.2. Pilot Testing

Before administering the questionnaire to the main sample, a pilot test will be conducted
with a small group of individuals to evaluate the questionnaire's clarity, relevance, and
comprehensibility. Necessary revisions will be made based on the feedback received
during this phase.

4.3.3. Data Collection Process

The data collection process will involve distributing the questionnaire to the selected
respondents. Multiple data collection methods, including online surveys and email
surveys, will be employed for participant convenience. Efforts will be made to encourage
a high response rate and ensure data accuracy.

4.4. Qualitative Data Collection

In addition to the questionnaire, qualitative data will be collected through semi-structured
interviews with a subset of respondents. These interviews will provide in-depth insights
and narratives regarding their experiences and perspectives on Al in personalized content
marketing.

4.4.1. Data Analysis
Quantitative Data Analysis

The quantitative data collected from the questionnaire will be subjected to comprehensive
statistical analysis, employing techniques such as descriptive statistics, regression
analysis, and correlation analysis. This analysis aims to identify patterns, correlations, and
trends to address the research objectives and hypotheses.
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4.5 Ethical Considerations

This research will adhere to ethical principles and guidelines. Respondents' privacy and
confidentiality will be strictly maintained. Participation in the study will be entirely
voluntary, and informed consent will be obtained from all participants. They will be
assured that their responses will be anonymized and used exclusively for research
purposes.

4.6 Conclusion

This research methodology outlines a comprehensive approach for conducting the study
on the impact of Artificial Intelligence in personalized content marketing within the
digital marketing landscape. It emphasizes the research design, data collection methods,
and ethical considerations that will guide the research process. The analysis of both
quantitative and qualitative data is expected to yield valuable insights and contribute to a
deeper understanding of the research topic.

4.7 Research model

o _ _ Personalized
Artificial Intelligence | Content Marketing

Figure 1. Research model

H1: There is a significant impact of Al implementation level on personalized content
marketing.

H2: There is a significant impact of Al capabilities on personalized content marketing.

H3: There is a significant impact of Al integration channels on personalized content
marketing.

5. RESULTS

This portion of the paper presents the practical results derived from the study. The
reporting style adopted in this section adheres to the established guidelines for PLS-SEM
analysis, as recommended by prior research (Chin, 2010).

5.1 Respondents Profile
Table 1. Respondents profile (N=485)

Variable Category Frequency Percent (100%)
Gender Male 228 47
Female 257 53
Age 18-27 115 24
28-37 120 25
38-47 98 20
48-57 88 18
58-67 38 8

68-over 26 5
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Educational Level High school 64 13
Diploma 72 15

Bachelor 201 42

Master 88 18

PH. D 60 12

Strategies and Techniques Website 87 18
Social Media Marketing 184 39

Email Marketing 25 5

Affiliate Marketing 30 6

Mobile Marketing 99 20

Podcast Marketing 60 12

5.2 Multicollinearity TestThe typical cutoff threshold is a tolerance value exceeding 0.10,
which corresponds to a VIF value below 10 (Joseph F. Hair et al., 2012). As per the
multiple regression analysis data presented in Table 2 the results of this study indicate that
both independent variables exhibited a tolerance value of 0.904, with a variance inflation
factor (VIF) value of 1.088. With the tolerance value significantly surpassing 0.10 and the
VIF value falling below 10, it can be deduced that there is no issue of multicollinearity
among the variables.

Table 2. Multicollinearity Test

Variable Collinearity Statistics
Tolerance VIF
Acrtificial Intelligence .904 1.088

5.3 Measurement Model Assessment

In this current study, the model estimation offers empirical measures of the association
between the indicators and the constructs. The process for PLS-SEM algorithm modeling
involves evaluating the reliability of items, assessing internal consistency, examining
convergent validity, and establishing discriminant validity for all construct scores.

5.3.1 Internal Consistency Reliability

Internal consistency reliability, as defined by Sun et al. (2007), pertains to the degree to
which all items within a specific scale are effectively measuring the same underlying
concept. Traditionally, Cronbach's alpha, as established by Hair et al. (2014), has served
as the standard criterion for assessing internal consistency. However, it is worth noting
that researchers have found that Cronbach's alpha assumes that all indicators are equally
reliable and often provides a conservative estimate of internal consistency reliability.

Table 3. Internal consistency reliability analysis

Dimension Cronbach's Alpha CR AVE
Artificial Intelligence 0.810 0.852 0.400
Al implementation level 0.890 0.913 0.780
Al capabilities 0.900 0.930 0.791
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Al integration channels 0.880 0.900

Personalized content marketing 0.884 0.901

5.3.2 Convergent validity

To confirm convergent validity, it is conventionally expected to assess factor loadings,
average variance extracted (AVE), and composite reliability (CR). As recommended by
Hair et al. (2019), these three crucial indicators—factor loadings, composite reliability,
and average variance extracted (AVE)—are used to evaluate convergent validity.

To confirm convergent validity, the established practice dictates the assessment of factor
loadings, average variance extracted (AVE), and composite reliability (CR). Factor
loadings, composite reliability, and AVE collectively constitute the critical components
for verifying convergent validity. Once satisfactory criteria for item loadings, AVE, and
composite reliability are met, it can be concluded that the items effectively represent their
respective constructs, thus affirming their convergent validity. AVE quantifies the shared
average variance between a construct and its associated measures. It is generally
recommended that the AVE value should be 0.5 or higher. The findings presented in the
results section illustrate AVE coefficients ranging from 0.750 to 0.884. This
unequivocally confirms the attainment of convergent validity across all constructs.
Furthermore, the table provides evidence of composite reliability, with values ranging
from 0.861 to 0.932, reinforcing the validation of convergent validity.

5.3.3 Discriminant Validity

To assess discriminant validity within this study, a comparative analysis was conducted
by examining indicator loadings in relation to cross-loadings with other variables. The
objective was to determine whether the indicator loadings were higher than their cross-
loadings with reflective indicators. The results indicated that all available indicators
exhibited higher values than their cross-loadings, meeting the discriminant validity
requirement.

Additionally, the correlations between latent constructs remained below the square roots
of the corresponding Average Variance Extracted (AVE) values, as shown in diagonal
cells, with correlations positioned below this threshold. Furthermore, as demonstrated in
Table 4, the HTMT (Heterotrait-Monotrait) criterion was found to be below the threshold
of 0.85, providing confirmation of the successful establishment of discriminant validity
(Henseler, & Sarstedt, 2015).

Table 4. HTMT Test
Heterotrait-Monotrait Ratio (HTMT)
Artificial Intelligence = Personalized content marketing
Artificial Intelligence

Personalized content 0.402
marketing

5.4 Structural Model Assessment

Once convergent validity and discriminant validity have been established in the study, the
next crucial step involves evaluating the results of the structural model. Before
proceeding with hypothesis testing, it is essential to ensure that there are no issues of
multicollinearity within the structural model.

0.756

0.751



Daher Raddad Alqurashi et al. 556

5.4.1 R-Square (R2)

The R2 value quantifies the proportion of variance in dependent variables that can be
accounted for by the independent variables. Consequently, a higher R2 value enhances
the predictive capacity of the structural model. In this research, the SmartPLS algorithm
function is employed to compute the R2 values, while the SmartPLS bootstrapping
function is utilized to generate t-statistics, P-values, UL (Upper Level), and LL (Lower
Level) values for conducting the mediation analysis.

Table 5. (R?)
Endogenous Variable R2 Predictive Relevance

Personalized content marketing 0.680
5.4.2 Q-Square (Q2)

In addition to examining effect sizes, the researchers also assessed the predictive
relevance of the model using Q2 (Geisser, 1974; Stone, 1974). This assessment was
conducted through a cross-validated redundancy measure obtained via the PLS
blindfolding technique for all the endogenous constructs. As a rule, the cross-validated
redundancy value should be greater than zero, as demonstrated in this study, as per the
findings of Fornell and Cha (1994).

Table 6. The Q?

Endogenous Variable SSO SSE Q2
(1-SSE/SSO)
Personalized content 8458.000 7874.187 0.270
marketing

5.4.3 Effect Size (F?)

The effect size, denoted as f2, serves as a complementary test to R2 and involves
observing changes in R2 when a particular exogenous variable is omitted from the model.
Calculating f2 necessitates estimating two PLS path models—one with the inclusion of
the latent variable and one without it. As a rule of thumb, the effect sizes can be
interpreted as follows: 0.02 represents a small effect, 0.15 signifies a medium effect, and
0.35 indicates a large effect (Cohen, 2013).

Table 7. (f2)
Variable Endogenous Variable f2 Effect Size Rating
Acrtificial Intelligence Personalized content marketing 0.372 Large

5.4.4 Path Coefficients Testing

In Table 8, the results demonstrate the testing of H1, which posits a significant
relationship between the level of Al implementation and personalized content marketing.
The total effect of Al implementation on personalized content marketing was indeed
significant (B = 0.338, t = 6.950, p < 0.000), indicating a noteworthy relationship between
Al implementation and personalized content marketing. Thus, hypothesis 1 receives full
support.

Moving on to H2, which proposes a significant impact of Al capabilities on personalized
content marketing. The analysis results confirm a significant influence in the relationship
(B=0.308, t=6.100, p < 0.000), thereby supporting H2.
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Furthermore, the findings reveal that the total effect of Al integration channels on
personalized content marketing was also significant (B = 0.370, t = 7.468, p < 0.000),
providing strong support for Hypothesis 3.

Table 8. Hypothesis Test

No. Hypotheses Beta SE T-Value = P-Value Decision
H1 All -PCM 0.338 0.070 6.950 0.000 Supported***
H2 AIC — PCM 0.308 0.073 6.950 0.000 Supported***
H3 AlIC—PCM 0.370 0.066 7.468 0.000 Supported***

6. FINDINGS

In this study, we embarked on a journey to unravel the profound impact of Artificial
Intelligence (Al) on personalized content marketing. Through rigorous analysis and
hypothesis testing, we unearthed compelling insights that have significant implications
for businesses in the digital era. Our findings unequivocally support the notion that Al is
not merely a technological tool but a catalyst for innovation in marketing. We confirmed
that organizations embracing Al implementation witness a remarkable enhancement in
their personalized content marketing efforts. This underscores the tangible benefits of
integrating Al technologies into marketing strategies. Moreover, we underscored the
pivotal role of Al capabilities in shaping the landscape of personalized content marketing.
Al's ability to decipher complex data, predict consumer behaviors, and deliver tailored
content is a game-changer. As our results demonstrate, organizations that invest in
developing these Al capabilities stand to gain a competitive edge in delivering
meaningful, personalized experiences to their audiences. Additionally, our study shed
light on the significance of strategic Al integration channels. The channels through which
Al is harnessed matter significantly in the realm of personalized content marketing. By
selecting and integrating Al channels judiciously, organizations can optimize their
marketing strategies and bolster their engagement with customers. As we conclude this
research, we extend our recommendations to businesses. Embrace Al as a strategic
partner in your marketing endeavors, invest in Al capabilities, and strategically harness
Al channels. These actions will not only enhance your personalized content marketing but
also fortify your position in an increasingly competitive marketplace. Looking ahead, the
impact of Al on marketing is poised to grow. Future research may explore its long-term
effects, delve into ethical considerations, and conduct cross-industry analyses. In this
dynamic landscape, understanding the evolving role of Al is essential for staying ahead.
In closing, Al has unveiled new horizons in personalized content marketing, and we are
only beginning to explore its full potential. As technology continues to evolve, businesses
that adapt and leverage Al will undoubtedly lead the way in delivering exceptional,
personalized experiences to their customers.

7. RECOMMENDATIONS
Based on these findings, several recommendations emerge for organizations:

Invest in Al Implementation
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Organizations should consider embracing Al technologies to improve their personalized
content marketing initiatives. This investment can lead to enhanced customer engagement
and satisfaction.

Develop Al Capabilities

Organizations should focus on developing their Al capabilities, as these are fundamental
for effective personalized content marketing. Training and upskilling employees in Al-
related skills can be beneficial.

Strategically Integrate Al Channels

The choice and integration of Al channels should be done strategically. Understanding
how Al channels impact personalized content marketing can guide organizations in
making informed decisions.

8. SUGGESTIONS FOR FURTHER STUDIES
This research opens avenues for future exploration:
Long-term Impact of Al

Future research can delve into the long-term effects of Al implementation on personalized
content marketing and customer retention.

Al Ethics

Exploring the ethical implications of Al in personalized content marketing is essential,
particularly concerning privacy and data security.

Cross-Industry Analysis

Comparative studies across different industries can provide valuable insights into how Al
influences personalized content marketing in diverse contexts.
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